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Large-scale longitudinal neuroimaging studies with diffusion imaging techniques are necessary to test and vali-
date models of white matter neurophysiological processes that change in time, both in healthy and diseased
brains. The predictive power of such longitudinalmodelswill always be limited by the reproducibility of repeated
measures acquired during different sessions. At present, there is limited quantitative knowledge about the
across-session reproducibility of standard diffusion metrics in 3 T multi-centric studies on subjects in stable
conditions, in particular when using tract based spatial statistics and with elderly people. In this study we
implemented a multi-site brain diffusion protocol in 10 clinical 3 T MRI sites distributed across 4 countries in
Europe (Italy, Germany, France and Greece) using vendor provided sequences from Siemens (Allegra, Trio Tim,
Verio, Skyra, Biograph mMR), Philips (Achieva) and GE (HDxt) scanners. We acquired DTI data (2 × 2 × 2 mm3,
b= 700 s/mm2, 5 b0 and 30 diffusion weighted volumes) of a group of healthy stable elderly subjects (5 subjects
per site) in two separate sessions at least a week apart. For each subject and session four scalar diffusion metrics
were considered: fractional anisotropy (FA), mean diffusivity (MD), radial diffusivity (RD) and axial (AD) diffusiv-
ity. The diffusion metrics from multiple subjects and sessions at each site were aligned to their common white
matter skeleton using tract-based spatial statistics. The reproducibility at each MRI site was examined by looking
at group averages of absolute changes relative to the mean (%) on various parameters: i) reproducibility of the
signal-to-noise ratio (SNR) of the b0 images in centrum semiovale, ii) full brain test–retest differences of the dif-
fusion metricmaps on the white matter skeleton, iii) reproducibility of the diffusion metrics on atlas-basedwhite
matter ROIs on the white matter skeleton. Despite the differences of MRI scanner configurations across sites
(vendors, models, RF coils and acquisition sequences) we found good and consistent test–retest reproducibility.
Whitematter b0 SNR reproducibilitywas on average 7±1%with no significantMRI site effects.Whole brain anal-
ysis resulted in no significant test–retest differences at any of the sites with any of the DTImetrics. The atlas-based
ROI analysis showed that themean reproducibility errors largely remained in the 2–4% range for FA and AD and 2–
6% for MD and RD, averaged across ROIs. Our results show reproducibility values comparable to those reported in
studies using a smaller number of MRI scanners, slightly different DTI protocols and mostly younger populations.
We therefore show that the acquisition and analysis protocols used are appropriate for multi-site experimental
scenarios.
© 2014 Elsevier Inc. All rights reserved.
Introduction

Diffusion tensor imaging (DTI) is a quantitative MRI technique
widely used for the in vivo characterization of whitemattermicrostruc-
tural organization (Ciccarelli et al., 2008; Mori and Zhang, 2006). DTI
can be applied to investigate both normal and pathological conditions,
and in longitudinal studies it can measure changes of white matter tis-
sue properties in normal aging (Lebel and Beaulieu, 2011; Sullivan and
Pfefferbaum, 2007; Sullivan et al., 2010; Westlye et al., 2010) as well
as in brain diseases like for example Alzheimer's Disease (Kantarci
et al., 2010; Mielke et al., 2009; Scola et al., 2010; Teipel et al., 2010),
Huntington's Disease (Magnotta et al., 2009; Sritharan et al., 2010;
Weaver et al., 2009), multiple sclerosis (Calabrese et al., 2011;
Harrison et al., 2011; Rashid et al., 2008; Sage et al., 2009), stroke recov-
ery (Wang et al., 2006) and traumatic brain injury (Sidaros et al., 2008).
Such longitudinal DTI studies can be used to test and develop DTI-based
biomarker models of disease progression/recovery, which may be of
great utility in better understanding physiopathology aswell as for eval-
uating therapeutic effects.

DTI allows the description of tissue microstructures modeling
the Gaussian diffusion properties of water and the detection of white
matter lesions (Basser and Pierpaoli, 1996). The most commonly used
DTI metrics in clinical studies are fractional anisotropy (FA) and mean
diffusivity (MD). Complementary information about white matter
structure can be obtained from axial (AD) and radial (RD) diffusivity
which, with some limitations, are considered indices of axonal injury
and demyelination, respectively (Song et al., 2005; Wheeler-Kingshott
and Cercignani, 2009). In addition to these diffusionmetrics, orientation
information in white matter tracts can be obtained using more ad-
vancedDTI acquisition and analysismethods, for examplewith probabi-
listic tractography (Behrens et al., 2003; Parker et al., 2003), diffusion
spectrum imaging (Wedeen et al., 2005) and high angular resolution
methods (Wedeen et al., 2008). These methods, however, typically re-
quire longer acquisition times and/or specialized MRI sequences not
always available on clinical scanners, and their implementations can
therefore be challenging in large multi-centric longitudinal studies,
particularly when involving elderly subjects. For these reasons this
study focuses on standardDTI acquisitions and their scalar derivedmet-
rics (FA, MD, AD, RD).

Longitudinal multi-center MRI studies are becoming an increas-
ingly common strategy to collect large datasets distributing the data ac-
quisition load across multiple partners (Van Horn and Toga, 2009).
Moreover, longitudinal studies reduce the between subject variability
because each subject is his/her own control. One critical factor that
limits the sensitivity to detect changes in any longitudinal study is
the reproducibility of repeated measures. Obtaining reproducible quan-
titative results from DTI data is not trivial given that the final results are
sensitive to a large number of acquisition and analysis factors (Jones and
Cercignani, 2010). Various aspects of DTI reproducibility have been in-
vestigated, including basic reproducibilitymeasures of different popula-
tions (Bonekamp et al., 2007; Ciccarelli et al., 2003; Heiervang et al.,
2006;Marenco et al., 2006), evaluation of the effects of region of interest
(ROI) drawing protocols (Wakana et al., 2007), effects of signal averag-
ing (Farrell et al., 2007), head motion effects (Yendiki et al., 2013), as
well as the effects of various acquisition parameters like for example
b-value (Bisdas et al., 2008), diffusion weighting scheme (Landman
et al., 2007; Vaessen et al., 2010), voxel size (Papinutto et al., 2013),
and MRI scanner effects (Brander et al., 2010; Pagani et al., 2010;
Pfefferbaum et al., 2003; Vollmar et al., 2010; White et al., 2011; Zhu
et al., 2011).

However, despite thewide use of DTI as a tool to assesswhitematter
integrity in 3 T MRI studies, across-session test–retest reliability of
diffusion measures on subjects in stable conditions has not been thor-
oughly investigated using multiple MRI systems. Across-session repro-
ducibility is useful to estimate the effective reproducibility errors that
are part of a longitudinal study, since across-session acquisitions include
additional sources of variance like MRI system instabilities, differences
in head positioning and re-positioning within the RF coil, differences
in automated acquisition procedures like auto shimming, as well as
potential effects from how different operators follow instructions to ex-
ecute the same acquisition protocol. These variability sources are negli-
gible in within-session reproducibility studies. Table 1 outlines studies



Table 1
Summary of studies that evaluated within-scanner across-session test–retest reproducibility of 3 T diffusion results on healthy adult subjects. Abbreviations: WB = whole brain,
cc_body = body of the corpus callosum, cc_genu = genu of the corpus callosum, cc_spl = splenium of the corpus callosum, crtsp = corticospinal tract, ILF = inferior lateral fasciculus,
SLF = superior lateral fasciculus.

Study 3 T MRI scanners (number) Subjects (age, mean ± SD)
across-session days

Reproducibility metrics ROI

This study Siemens Allegra (1), Verio (1),
Skyra (1), Biograph mMR (1);
GE HDxt (2); Philips Achieva (4)

40, 5 sub/scanner
(63.2 ± 8.1) 14–31

Rep err, CV of FA, MD, RD,
AD from ROIs & TBSS

Atlas based cc_body, cc_genu, cc_spl,
crtsp, SFL, ILF WB tracts

Takao et al. (2012) GE Signa (2) 224 (57 ± 10) 365 FA, RD, AD voxelwise WB tracts
Huang et al. (2012) Siemens TIM Trio (2) 6 (24 ± 6) 31 ICC of FA, MD from ROIs Manual segmentation WB, cc_spl, SFL, ILF
Fox et al. (2012) Siemens Trio (1) before and

after upgrade
2 (35) 365 and 730 CV, Lin's concordance from ROIs Manual segmentation cc, deep and

periventricular WM, deep and cortical GM
Vollmar et al. (2010) GE Signa (2) 9 (34 ± 8) 1–95 CV, ICC of FA from ROIs Manual segmentation WB, cc_spl, SFL, ILF
Bisdas et al. (2008) Philips Intera (1) 12 (34 ± 11) 14 CV, ICC of FA from ROIs Manual segmentation cc_genu, cc_spl, int, crtsp
Jansen et al. (2007) Philips Achieva (1) 10 (26 ± 2) 5–25 CV, ICC of FA, ADC from ROIs

and voxel-wise
Atlas based frontal, temporal lobes, WB

392 J. Jovicich et al. / NeuroImage 101 (2014) 390–403
that, to the best of our knowledge, have reported across-session test–
retest reproducibility measures of diffusion data derived from adult
healthy volunteers using 3 T systems. These studies are limited to
few sites with identical 3 T scanners (Huang et al., 2012; Takao et al.,
2012; Vollmar et al., 2010), focused mainly on young subjects
(b40 years, except Takao et al., 2012), using DTI analysis mostly based
onmanual ROIs (Bisdas et al., 2008; Jansen et al., 2007) or aimed at eval-
uating MRI software upgrade effects (Fox et al., 2012). In other words,
the impact of across-session reproducibility errors of DTI metrics de-
rived from multi-site longitudinal 3 T studies is not clearly defined, in
particular with the commonly used tract-based spatial statistics
(TBSS) analysis (Smith et al., 2006). TBSS is particularly attractive for
longitudinal voxel-wise analysis of DTI data given that individual diffu-
sion parameter maps are projected onto a group-wise skeleton con-
structed from FA data to account for residual misalignments among
individual white matter tracts in multiple measures and multiple sub-
jects. These issues are relevant to the PharmaCog project, a new
industry-academic European project aimed at identifying biomarkers
sensitive to symptomatic and disease modifying effects of drugs for
Alzheimer's disease (http://www.alzheimer-europe.org/FR/Research/
PharmaCog).

The aims of the present study were the following: i) to implement
a multi-site 3 T MRI data acquisition protocol for diffusion analysis
(10 different MRI sites covering three common clinical MRI vendors in
Europe), ii) to acquire across-session test–retest data (2 acquisitions at
least one week apart) from a population of healthy stable elderly sub-
jects (5 subjects per MRI site), and iii) to evaluate and compare the
across-session reproducibility of FA, MD, AD and RD diffusivities within
and across MRI sites using both voxel-based TBSS and an atlas-based
ROI analyses. This multi-site DTI study is unique in that it characterizes
brain diffusion reproducibility metrics particularly relevant to multi-
center longitudinal studies of brain disease (within-site across-session
reproducibility in healthy elderly subject) derived from both full
brain voxel-based TBSS and atlas-based ROIs using a wide range of clin-
ical 3 T scanners (Table 2). The test–retest rawDTI data from the 10MRI
sites is made publicly available (100 brain volumes).

Materials and methods

Several aspects of the subjects, study design and data preparation
steps used in this diffusion study were already described in a recent
morphometry study (Jovicich et al., 2013) but are here repeated for
completeness and with the appropriate modifications.

Subjects

Twelve clinical sites (10 MRI sites) participated in this study across
Italy (Brescia, Verona, Genoa, Rome, Chieti, Perugia and Naples),
France (Marseille, Lille, and Toulouse), Germany (Essen) and Greece
(Thessaloniki). TheBrescia sitewas responsible for the coordination and
analysis of the whole study and did not acquire MRI data. Each MRI site
recruited 5 local volunteers within an age range of 50–80 years. The
subject's age range corresponds to that of the clinical population that
will be studied with the protocols tested in this reproducibility study.
Each subject underwent two MRI sessions completed at least 7 days
(but nomore than 60 days) apart at the site. This short period between
the test and retest sessions was chosen to minimize biological changes
that could affect the reliability of the measures and to mimic the
variability expected from separate sessions, as measured in longitu-
dinal studies. Table 2 summarizes information about age, gender
and test–retest interval times of the subjects recruited at each site. All
participants were volunteers with no history of major psychiatric, neu-
rological or cognitive impairment (referred to as healthy in this study),
and provided written informed consent in accordance with the “classi-
fication” of the study in regard to the national regulations and laws in
the different participating countries. An Appendix lists the participants'
selection and exclusion criteria. Subjects were considered to be in stable
conditions between the two MRI acquisition sessions. In France, the
study received an authorization from the national drug regulatory
agency (Agence Nationale de Sécurité du Médicament et des produits
de santé) and an approval from the Comité de Protection des Personnes
Sud-Méditerranée 1 (Marseille), for the three French sites (Marseille,
Lille, and Toulouse). In Germany, Italy and Greece the study obtained
authorization from one Ethics Committee relevant to each institution:
Essen (Ethik-Kommission des Universitätsklinikums Essen), Verona
(Comitato Etico Istituzioni Ospedaliere Cattoliche, CEIOC), Genoa
(Comitato Etico IRCSS-Azienda Ospedaliera Universitaria San Martino-
IST), Rome (Comitato Etico dell'Università Cattolica del Sacro Cuore,
Facoltà di Medicina e Chirurgia “Agostino Gemelli”), Naples (Comitato
Etico per la Sperimentazione clinica dell' IRCSS Fondazione SDN per la
Ricerca e l'Alta Formazione in Diagnostica Nucleare), Chieti (Comitato
di Etica per la Ricerca Biomedica dell'Università degli Studi “G.
d'Annunzio” e dell'Azienda Sanitaria Locale di Lanciano-Vasto-Chieti),
Perugia (Comitato Etico Aziende Sanitarie Umbria) and Thessaloniki
(Greek association of Alzheimer's Disease and related disorders). All
subjects signed informed consent.

MRI acquisitions

The ten 3 T MRI sites that participated in this study used different
MRI system vendors and models (Siemens, GE, and Philips). Table 2
summarizes themainMRI system andDTI acquisition differences across
sites. Only vendor-provided sequences were used. Each MRI scanning
session consisted of several acquisitions, including: anatomical T2*,
anatomical FLAIR, resting state fMRI, B0 map, DTI and two anatomical
T1 scans, with a total acquisition time of approximately 40 min. The
DTI acquisition for each subject was always the last acquisition of the
session, regardless of MRI site.

http://www.alzheimer-europe.org/FR/Research/PharmaCog
http://www.alzheimer-europe.org/FR/Research/PharmaCog
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Each subject had a total of two diffusion acquisitions, one from the
test session and one from the retest session at least a week apart. In
each session the following DTI acquisition parameters were common
across sites: b-value=700 s/mm2, 5 b0 volumes, 30 gradient directions,
voxel size 2 × 2 × 2 mm3, 64 axial slices, zero slice gap. Siemens and GE
scanners allowed saving the 5 b0 volumes separately, whereas the
Philips scanners saved only one volume corresponding to the average
of the 5 b0 acquisitions.

Other acquisition parameters including head RF coil, pulse sequence,
TE (minimum value), TR, parallel acquisition and fat suppression
methods were difficult to standardize due to the restrictions from
each site's implementations. The choices for these parameters were
made based on the optimal or possible options available at the different
platforms (see Table 2). All images from multi-channel coils were re-
constructed by the scanner as the sum of the squares across channels.
When allowed by the MRI system, images were reconstructed and
saved without additional filtering options that could differ across scan-
ners introducing different degrees of smoothing.

Data preparation

Imaging datawere initially anonymized at each site by replacing the
subject namewith a unique identifier using the free DicomBrowser tool
(http://hg.xnat.org/dicombrowser). Anonymized dicom datawere then
compressed and uploaded onto a data sharing system accessible to all
member sites, from where they were subsequently downloaded for
analysis at central site (Brescia).

Downloaded anonymized dicomdata were converted to nifti format
using the free dcm2nii software (http://www.mccauslandcenter.sc.edu/
mricro/mricron/dcm2nii.html, output format FSL — 4D NIFTI nii) from
which the original dicom converted to nifty files were utilized.

DTIPrep was used for quality control, headmotion and eddy current
correction of the data prior to the estimation of diffusion metrics (Liu
et al., 2010;Magnotta et al., 2012). DTIPrep is a public available software
tool that performs automated quality control removing image volumes
containing typical artifacts in DTI data, including signal drop out arti-
facts from head motion (http://www.nitrc.org/projects/dtiprep). The
output of DTIPrep, here used with its default recommended settings,
can be passed onto standard DTI analysis tools, having a single co-
registered averaged b0 volume and updated information about the dif-
fusion weighted image volumes kept for the tensor estimation.

White matter lesions evaluation

White matter lesions (WMLs) were assessed with the rating scale
Age-Related White Matter Changes (ARWMC) on FLAIR MR images
(Wahlund et al., 2001).WMLswere evaluated by a single rater separate-
ly in the right and left hemispheres. Scores of 0, 1, 2 and 3were assigned
in frontal, parieto-occipital, temporal and infratentorial areas to: no
WMLs, focal lesions, beginning confluence of lesion, and diffuse involve-
ment of the entire region, respectively. Scores of 0, 1, 2 and 3 were
assigned in basal ganglia to: no WMLs, 1 focal lesion, more than 1
focal lesion, and confluent lesions, respectively. For each area, a score
was given by the sum of the right and left subscores, and the total
WML score was computed as the sum of all subscores. Intra-rater reli-
ability was assessed on a random sample of 20 subjects. The intraclass
correlation coefficient was 0.99, indicating a very high reliability.

Estimation of diffusion metrics

After the DTIPrep quality control the rest of the analysis was carried
out using standard FSL's Diffusion Toolbox tools (FSL4; http://www.
fmrib.ox.ac.uk/fsl). Following skull and non-brain tissue removal
(BET), each diffusion-weighted serieswas used to compute the six inde-
pendent components of the diffusion tensor. The three eigenvalues (λ1,
λ2, λ3, in decreasingmagnitude order) and eigenvectors of the resulting

http://hg.xnat.org/dicombrowser
http://dx.doi.org/10.1016/j.neuroimage.2013.11.027
http://dx.doi.org/10.1016/j.neuroimage.2013.11.027
http://www.nitrc.org/projects/dtiprep
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tensor map were derived by matrix diagonalization (Basser and
Pierpaoli, 1996). The maps for the following four diffusion metrics
were obtained with FSL's Diffusion Toolbox using standard definitions:

MD ¼ λ1 þ λ2 þ λ3ð Þ=3

FA ¼
ffiffiffi
1
2

r ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
λ1−λ2ð Þ2 þ λ2−λ3ð Þ2 þ λ1−λ3ð Þ2

λ1
2 þ λ2

2 þ λ3
2

s

AD ¼ λ1
RD ¼ λ2 þ λ3ð Þ=2

TBSS and atlas-based ROI analyses

We investigated test–retest reproducibility/variability using both
full-brain voxel-based and ROI based analyses. The full-brain TBSS
analysis (Smith et al., 2006) was computed at each MRI site separately
to create a FA template by registration of the individual FA images,
test and retest, to the most representative of the site followed by FA
map projection onto the common reference space of the MNI152. All
non-linear registrations were done with the default nonlinear regis-
tration tool FNIRT (Andersson et al., 2007a,b), which use a b-spline rep-
resentation of the registration warp field (Rueckert et al., 1999). The
FMRIB58_FA atlaswas not chosen as a common template for all sites be-
cause this atlas has been createdwith subjects aged 20–50 years, which
may have differences relative to the population here studied (age range
50–80). The mean of all FA maps in a site was then computed and used
to create a mean FA skeleton representing the common tracts. The skel-
eton of eachMRI sitewas then thresholdedwith an FA value of 0.2 to ex-
clude thenon skeleton voxels and each individual FAmapwas projected
into it, one for the test and one for the retest session. Finally, the non-
linear warps and the skeleton projection achieved with FA images
were applied to the MD, AD and RD maps to bring them into standard
space at each MRI site. Group pair-wise analyses of test–retest differ-
ences of thesemaps allowed evaluating the spatial distribution of signif-
icant differences at each site.

A complementary atlas-based ROI analysis was done to estimate the
averaged reproducibility errorswithin areas of interest. The ROI analysis
was focused on the corpus callosum (body, genu and splenium),
corticospinal tract (left/right), inferior and superior lateral fasciculi
(left/right), which are of relevance in MCI and AD studies (Drago et al.,
2011). These white matter ROIs are pre-defined in the JHU-ICBM-FA-
1mm atlas and were back-projected with a non-linear co-registration
to each subject's test and retest session FA maps in the MNI152 space
obtained from TBSS. In each MRI site, each ROI label was overlapped
with the corresponding site's FA TBSS skeleton space to remove any
CSF and gray matter voxels. These new ROIs were then used in each
subject's FA, MD, AD and RD maps (MNI152 space) to compute the ab-
solute percent test–retest variability of the various metrics.

General evaluation of image quality across sites: SNR and head motion

Signal-to-noise ratio (SNR) estimations were used for the general
assessment of image quality across the MRI sites. Quantitative estima-
tion of numerical SNR values is challenging for DTI because of the dif-
ferent signal properties of the b0 and diffusion weighted images.
Typically the b0 images are used and there are several possibilities for
computing from them the noise (Laganà et al., 2010). In this study we
used the motion corrected, co-registered and averaged b0 volume out-
put by DTIPrep for each subject. The centrum semiovale was chosen as
a representative white matter ROI for SNR assessment (Farrell et al.,
2007). This ROI was pre-defined in the JHU-ICBM-T2-1mm atlas and
back-projected with a non-linear co-registration to each subject's test
and retest session averaged b0 volume. For each site and subject we
computed the SNR as themean signal divided by the standard deviation
of the signal within the ROI (Dietrich et al., 2007). The global SNRmean
for each site was the SNR average across subjects including test and re-
test sessions. The test–retest reproducibility of the SNR was estimated
by averaging across subjects, in each site, the percent absolute SNR dif-
ferences between sessions relative to the mean SNR across sessions.

Head motion during the DTI acquisition may introduce biases in
the derived metrics so it is important to report it (Alhamud et al.,
2012; Ling et al., 2012; Yendiki et al., 2013). The rotation and transla-
tion parameters fromeachDTI acquisitionwere obtained using FSL's lin-
ear registration tool FLIRT of each brain volume to the averaged b0
volume (Jenkinson et al., 2002). To characterize potential head motion
differences across sites we evaluated the means and the maximum/
minimum motion correction parameters (rotations and translations),
separately for the test and retest sessions at each site.
Evaluation of reliability of DTI metrics in atlas-based ROIs

Oneof the goals of this studywas to quantify the across-session test–
retest reliability of diffusion parameters obtained from a multi-site ac-
quisition protocol made as similar as possible across sites. To evaluate
the reliability of the brain diffusion metrics we analyzed their variabili-
ty, or reproducibility error, across the test–retest sessions for each ROI
andMRI site.We considered the followingmeasures of variability: abso-
lute error relative to themean and coefficient of variance. Thesemetrics
were chosen because at least one of them tends to be reported in repro-
ducibility studies (Table 1), thus allowing for wider comparisons across
studies.

The absolute error relative to the mean (ε) was computed for each
subject, ROI and diffusion metric (DM) as follows:

εDM ¼ 100� DMretest−DMtestj j
DMretest þ DMtestð Þ=2

where DM refers to any of the four scalar metrics evaluated in this
study: FA, MD, AD and RD. The group error for every MRI site and ROI
was then averaged across subjects. The measure was chosen because
it is intuitive and because the estimation of the means is more robust
than the estimation of the variance from the signed differences, in par-
ticular for low number of subjects.

The coefficient of variation (CV) was computed for each subject, ROI
and diffusionmetric as the ratio between the standarddeviation and the
mean of the test–retest diffusion index. The group CV for every MRI site
and ROI was then averaged across subjects.
Statistical analysis

The following statistical analyses tests were done, using SPSS
(v.13.0):

• To test forMRI site effects on subject's age, averaged b0 SNR,mean FA,
MD, AD, RD and their corresponding across-session reproducibility
errors, we used one-way Kruskall–Wallis tests (non-parametric ver-
sion of ANOVA) with MRI site as factor. Significance threshold was
set at p b 0.05.

• To test for head rotation and translation differences between test and
retest sessions, for each site, the two-tailed Wilcoxon test was used
(non-parametric version of the paired Student's t-test).

• To test for voxel-wise test–retest TBSS group differences at each
site, two contrast (positive and negative) paired t-tests were
used with 5000 random permutations. Significance threshold was
set to p b 0.05 corrected for multiple comparisons using threshold-
free cluster enhancement.



Table 3
Summary of automated DTIPRep quality control results. Number of gradients eliminated
at each MRI site with corresponding data percentage.

MRI sites Slice-wise check Venetian blind check

Site 1 11 (3.1%) 0 (0%)
Site 2 8 (2.2%) 1 (0.3%)
Site 3 17 (5.5%) 0 (0%)
Site 4 17 (5.5%) 0 (0%)
Site 5 23 (6.6%) 0 (0%)
Site 6 2 (0.6%) 0 (0%)
Site 7 8 (2.3%) 1 (0.3%)
Site 8 3 (0.9%) 0 (0%)
Site 9 17 (4.6%) 0 (0%)
Site 10 14 (5.0%) 8 (2.9%)
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Results

In this multi-site 3 T study (10 clinical scanners from different ven-
dors) we estimated the test–retest reliability (within-site, across two
separate sessions at least a week apart) of diffusion measures derived
from healthy elderly DTI data (FA, MD, radial and axial diffusivities).
Both full brain (TBSS) and ROI (atlas-based) approaches were used.

The 50 subjects enrolled (Table 2) resulted to be all Caucasian with
similar age distributions except for site 6 (younger group, mean age
52.4 ± 1.5 years, significantly different from sites 1 and 7, Kruskall–
Wallis, p b 0.05). There were no age distribution differences between
the other MRI sites. The time interval between test and retest scans
ranged from 7 to a maximum of 55 days, with a mean and standard
deviation of 17 ± 13 days. A Kruskal–Wallis test showed that there
were no significant MRI site effects of the scan–rescan time intervals
(p = 0.174). The overall mean ARWMC score for white matter le-
sions was 3.1 ± 3.0, without significant MR site effects (Kruskall–
wallis, p = 0.68).

General image data quality assurance: DTIPrep, SNR and head motion

The overall acquired DTI dataset consisted of 100 brains: 10 MRI
sites, 5 subjects per site, 2 acquisitions per subject (one test, one retest)
obtained on different dates. A quick visual inspection was done on all
data to ensure that there were no gross partial brain coverage errors.
The dataset was run through DTIPrep for further automatic quality
assurance (Liu et al., 2010; Magnotta et al., 2012). Table 3 shows the
DTIPrep summary results of the number of volumes eliminated at
each site due to intensity-related artifacts (slice-wise check) and
motion-related artifacts (venetian blind check). The number of volumes
Fig. 1. Sample single-subject FA maps across different 3 T MRI sites fo
discarded are also expressed as percentage of the total number of
3D volumes per site (each b0 and diffusionweighted imagewas consid-
ered a volume). On average DTIPrep eliminated 3.4% 3D volumes per
site with the slice-wise check (range of: 0.6–6.6% across sites). The ve-
netian blind artifact check discarded no data in 7 sites and removed
very few gradient directions in the other 3 sites (1.3% per site in average,
with a range of 0.3–2.9% across sites). Visual inspection of the resulting
FA maps showed a high qualitative similarity across sites (Fig. 1).

Signal-to-noise ratio within the centrum semiovale was evaluated on
the averaged b0 volume of each subject to evaluate SNR and test–
retest SNR reproducibility at each site (Fig. 2). The mean ROI size used
for the SNR analysis was (2.5 ± 0.4) cm3 across the group of subjects
(Fig. 2A). Significant MRI site effects were found for SNR (Fig. 2B,
Kruskall–Wallis test, pb 0.05).However, the test–retest reproducibility er-
rors of the SNR showed no significant MRI site effects (Fig. 2C, Kruskall–
Wallis test, p N 0.05), with an average value of (7 ± 1) % across sites.

Headmotion summary results by site and by acquisition session are
shown in Table 4. Average, maximum and minimum values are shown
for volume-by-volume rotations and translations during data acquisi-
tion. No significantMRI site effects were observed for themean rotation
andmean translation parameters (Kruskall–Wallis test, p N 0.05). None
of the MRI sites showed significant differences between test and retest
sessions for head rotations and translations (two tailed Wilcoxon test,
p N 0.05). The maximum rotation was observed in MRI site 9 (2.44°)
and the maximum translation in MRI site 10 (2.69 mm). These two
sites are the ones with the longer DTI acquisition times in the group
(about 10 min, Table 2).

Full brain voxel-based results on the white matter TBSS skeleton

Voxel-based test–retest FA reproducibility maps were computed at
each site on the white matter TBSS skeleton. Fig. 3 shows the reproduc-
ibility maps overlaid on the FAmap of a representative slice and subject
for each MRI site. No significant group differences were found between
test and retest at any of the sites (t-test, p N 0.05). The color codedmaps
show that the FA variability pattern is similar across sites, with repro-
ducibility errors mostly b10% and increasing as the white matter skele-
ton approaches the cortex. Similar results were found for the other
scalar metrics (MD, AD and RD). To better characterize test–retest vari-
ability in specific brain areas we performed an ROI analysis.

Atlas-based ROI results

Fig. 4 shows an example of the atlas-based ROIs co-registered to a
sample volunteer. Fig. 4 also lists, in decreasing size order, the average
r qualitative comparison. See Table 2 for MRI sites characteristics.

image of Fig.�1


Fig. 2. SNR comparison across sites from b0 volume. Atlas-based white matter ROI (centrum semiovale, red) superimposed on the mean b0 image of a sample volunteer for automatic
quantification of SNR (A). The JHU-ICBM-T2-1mmatlas coordinates (Z) are displayed in the lower right corner.Within-site group SNRmean and standard deviation from the b0 averaged
volume (n= 5) (B) and its test–retest percent variability relative to themean (C). A significantMRI site effect was evident for SNR (Kruskall–Wallis test, p b 0.05) but not for SNR repro-
ducibility (Kruskall–Wallis test, p N 0.05). The means and standard deviations are computed across subjects, hemisphere and sessions (test–retest). See Table 2 for MRI sites
characteristics.
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ROI size for each structure when grouping all subjects across sites.
The ROIs are shown co-registered to the averaged b0 volume. Good
qualitative agreement was found between the ROI definition on the
original atlas and the co-registration to each subject, across all sites,
also between test and retest sessions (Fig. 5).
Fig. 6 shows the group average diffusion metrics (FA, MD,
RD and AD) for each ROI at each site, averaging the
test and retest sessions. We found that for every ROI and
diffusion metrics there were significant site effects (Kruskall–Wallis,
p b 0.05).

image of Fig.�2


Table 4
Head motion estimates across MRI sites and acquisition sessions. Rotations and translations are characterized by their average volume-by-volume values across all volumes in the acqui-
sition as well as by their maximum and minimum values.

DTI motion parameters

Site 1 Site 2 Site 3 Site 4 Site 5 Site 6 Site 7 Site 8 Site 9 Site 10

Rotation (°):
mean ± SD

Test 0.17 ± 0.15 0.22 ± 0.16 0.12 ± 0.11 0.11 ± 0.16 0.15 ± 0.12 0.27 ± 0.36 0.20 ± 0.16 0.14 ± 0.12 0.19 ± 0.15 0.22 ± 0.20
Retest 0.16 ± 0.14 0.23 ± 0.20 0.16 ± 0.17 0.10 ± 0.11 0.17 ± 0.17 0.16 ± 0.11 0.20 ± 0.19 0.18 ± 0.22 0.30 ± 0.32 0.20 ± 0.24

Translation (mm):
mean ± SD

Test 0.41 ± 0.42 0.25 ± 0.17 0.17 ± 0.17 0.23 ± 0.23 0.21 ± 0.18 0.36 ± 0.46 0.35 ± 0.24 0.39 ± 0.30 0.20 ± 0.16 0.35 ± 0.44
Retest 0.28 ± 0.19 0.35 ± 0.18 0.20 ± 0.15 0.20 ± 0.25 0.10 ± 0.09 0.18 ± 0.14 0.24 ± 0.18 0.25 ± 0.20 0.25 ± 0.22 0.21 ± 0.22

Max rotation (°) Test 0.78 0.82 1.40 0.93 0.62 0.76 0.83 0.86 0.92 1.35
Retest 0.90 1.02 0.91 0.69 1.40 1.71 0.96 1.06 2.44 1.98

Max translation
(mm)

Test 1.13 0.81 0.87 1.17 0.86 1.00 1.01 0.91 1.09 1.30
Retest 0.91 0.91 0.87 1.27 0.48 2.22 1.46 0.83 0.78 2.69
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Fig. 7 shows the group test–retest absolute % reproducibility errors for
each of the diffusionmetrics and ROIs (fivemeasures per site, ROI andDTI
metrics). Right and left hemisphere resultswere similar and therefore av-
eraged for the corticospinal tracts, the superior and inferior lateral fascic-
uli. Consistently with the voxel-based analysis we found that overall the
test–retest reproducibility errors were in general below 10%, with the
smaller ROIs (inferior lateral fasciculi and cortical spinal tracts) having a
tendency for higher reproducibility errors. Significant MRI site effects
were found only for MD in the superior lateral fasciculi (Kruskall–Wallis
test, p b 0.05). The sites with the peak head motion estimates (9 and
10) tended to give higher reproducibility errors relative to the other
sites, especially for MD and RD estimates in corpus callosum and superi-
or/inferior lateral fasciculi. Removing sites 9 and 10 from the site-effect
analysis gave no significant effects in the reproducibility, regardless of
DTImetric or ROI. Similarfindingswere obtainedwhen evaluating the co-
efficient of variance (Supplementary Fig. S1).

Fig. 8 shows the reproducibility errors grouping all ROIs for each
site (45 estimates per site given that there are 5 subjects and 9 ROIs
per site). Errors are mostly within the range of 2–6%. Significant MRI
site effects were found for RD and MD (Kruskall–Wallis, p = 0.005
and p = 0.025, respectively). These effects were largely driven by
sites 9 and 10 since they became non-significant when these sites
were eliminated from the site-effect analysis. It was of interest to inves-
tigate which diffusion metrics offered the lowest and highest reproduc-
ibility errors. Paired t-tests between the reproducibility of the various
diffusion metrics (paired by site) showed that FA and AD were the
metrics with the lowest reproducibility errors (in average across sites
2.8 ± 0.1% and 3.0 ± 0.4%, respectively, not significantly different be-
tween themselves, p b 0.05). MD followed with a significantly higher
reproducibility error relative to FA and AD (3.2 ± 0.4%) and the highest
errors were observed on RD reproducibility (4.5 ± 1.1%, significantly
Fig. 3. Voxel-based tract-based spatial statistical (TBSS) analysis across test–retest acquisition
specific TBSS skeleton and overlaid on a representative mean FA slice. Color scale shows the
See Table 2 for MRI sites characteristics.
higher errors than all the other diffusion metrics, p b 0.05). Removing
sites 9 and 10 from these evaluations, given that they are the ones with
the highest sensitivity to head motion effects, shows that RD remains as
the only metric with significantly higher reproducibility errors relative
to those from any of the others metrics, which show no significant differ-
ences in reproducibility between themselves (FA, AD and MD).

Given that there was a wide range of scan–rescan intervals (7–
55 days) we investigated if this affected reproducibility errors. A
Pearson's correlation analysis between scan–rescan time interval of
each subject and their corresponding reproducibility errors of FA, MD,
RD and AD showed that the correlations were all positive, very small
(b0.15) and non-significant (p N 0.05).

To further investigate the effects of our limited sample size per site
on random reproducibility errors we performed two additional analy-
ses. In one analysis we increased the number of subjects by pooling sub-
jects across commonMRI system vendors (Siemens: 20 subjects, Philips
20: subjects, GE: 10 subjects) and tested for vendor differences in dif-
fusion metric reproducibility errors. A Kruskal–Wallis test across ven-
dors showed that there were no significant vendor effects for any of
the error metrics (Table 5). The other analysis consisted on estimating
the Pearson's correlations between each subject's white matter SNR
(measured in the centrum semiovale of the averaged 5 b0 volumes)
and the subjects' corresponding reproducibility errors for the various
metrics. Correlating reproducibility errors with SNR may be considered
as grouping data by SNR regardless of site. We found no significant
Pearson's correlation for any of the metrics (p N 0.05).

Discussion

In this Pharmacog Consortium study, we found that the test–retest
reliability/variability of DTI metrics estimated with TBSS in a 3 T
s. Within-site group reproducibility error (across subjects) of FA computed on each site-
magnitude of the across-session reproducibility error map from 0% (red) to 30% (blue).
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Fig. 4. Atlas-based ROIs co-registered to the b0 image of a sample volunteer for automatic quantification of diffusion metrics. Atlas defined ROIs back-projected onto the subject space
were intersected with the TBSS skeleton. For each structure the mean ROI volume across all sites, subjects and sessions is shown. Abbreviations: cc_body= body of the corpus callosum,
cc_genu = genu of the corpus callosum, cc_spl = splenium of the corpus callosum, crtsp = corticospinal tract, ILF = inferior lateral fasciculus, SLF = superior lateral fasciculus.
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consortium using vendor provided sequences is consistent across sites
despite the heterogeneity of MRI scanner configurations. This suggests
that poolingDTI data from longitudinalmulti-site studies has a potential
for accelerating the evaluation of biomarkers related to water diffusion
changes.We had threemainfindings: (1) in a group of healthy stable el-
derly subjects, the across-session test–retest reproducibility errorswere
largely consistent across 10 MRI acquisition sites and in average within
the range of 2–6% for all diffusion metrics, despite substantial differ-
ences across MRI systems used; (2) overall the most reproducible DTI
indicators were fractional anisotropy (FA) and axial diffusivity (AD),
followed bymean (MD) and finally radial diffusivity (RD); (3) increased
head motion sensitivity in the sites with longest acquisitions was con-
sistent with the measurements of the largest motion effects and a ten-
dency for higher reproducibility errors in DTI metrics.

The elderly population studied had low white matter lesion scores
that were both consistent across sites and with low vascular burden,
with values within norms for healthy elderly populations (Galluzzi
et al., 2009). In agreement with previous single-site 3 T studies, we
found that FA was one of the most reliable diffusion parameters (Fox
et al., 2012; Vollmar et al., 2010).We extended this observation by find-
ing that in our 3 T consortium (10 acquisition sites, 3 vendors and 6
different models) the most reliable white matter diffusion metrics
Fig. 5. Example of anatomical correspondence between atlas-based ROI and single subject's FA
(cc-spl) and genu (cc-genu) ROIs with superior/inferior lateral fasciculi (SLF/ILF) and corticosp
were FA and AD (2.8% and 3.0%, ROI averaged reliability errors respec-
tively, not significantly different). The reproducibility error of FA within
the corpus callosum, across sites, was 1.7 ± 0.7%, which is consistent
with previous reports from single and 2-site studies (Bisdas et al.,
2008; Vollmar et al., 2010). Also CV in the corpus callosum was in
good agreement with previous 3 T study (Bisdas et al., 2008; Vollmar
et al., 2010) and lower relative to 1.5 T studies (Bonekamp et al.,
2007; Ciccarelli et al., 2003). Besides the corpus callosum, the CV of
the other structures, excluding MD, AD and RD of corticospinal tracts,
were below 10%which is desirable for biological variables related to im-
aging (Marenco et al., 2006). Consistent with a previous study we also
found that test–retest reproducibility getsworse as ROI size gets smaller
(Vollmar et al., 2010). This variability may be partially related to imper-
fect registration during theDTI analysis. Finally, comparisons among the
four diffusion indices showed that the highest reproducibility errors
were found in average in RD followed then by MD.

In an attempt to characterize sources of noise, recent studies have
highlighted the importance of head motion effects during the acquisi-
tion of DTI data for diffusion metrics (Alhamud et al., 2012; Ling et al.,
2012), in particular heterogeneous increases of test–retest reproducibil-
ity errors related to higher head motion in healthy children (Yendiki
et al., 2013). Our study supports and extends these results by showing
map derived from site-specific TBSS analysis. Corpus callosum body (cc-body), splenium
inal tract (crtsp) on FA maps from test and retest sessions (sample subject from Site 2).
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Fig. 6. Diffusion parameter estimates across sites and ROIs. Within-site groupmeans and standard deviation (across subjects, scanner sessions and hemispheres) of fractional anisotropy
(FA), mean, axial and radial diffusivity (MD, AD and RD, respectively). SignificantMRI site effects (Kruskall–Wallis test, p b 0.05)were found for each structure andmetric. See Table 2 for
MRI sites characteristics.

399J. Jovicich et al. / NeuroImage 101 (2014) 390–403
that in a multi-site studyMRI site with elderly people the sites with the
longest DTI data acquisition protocols (i.e., the highest sensitivity to
head motion effects) gave the maximum head translations and rota-
tions as well as a tendency to higher reproducibility errors in some re-
gions (corpus callosum body/splenium, superior lateral fasciculi).
Variable head motion sensitivity across MRI sites could also depend on
variability of the moments at which the DTI data were acquired within
the session. This is relevant since theremight be different stages ofmus-
cle relaxation during the acquisition (Leemans and Jones, 2009). In this
study such effects were minimized by having the DTI acquisitions sys-
tematically be the last acquisition. Overall these results stress the im-
portance of two separate but related aspects: i) the DTI acquisition
duration in multi-site studies should be kept as homogeneous and as
short as possible to minimize acquisition-related motion sensitivity
biases, ii) regardless of the DTI acquisition time, it is important to mon-
itor motion parameters carefully and potentially consider correction
approaches to minimize motion related biases (Yendiki et al., 2013).
The siteswith longer acquisition times did not show significantly higher
b0 SNR values relative to the other sites. This is most likely due to
the fact that the longer acquisition times (which could not be modified
in our clinical sites) is mostly driven by the longer protocol TRs (N9 s),
which is more than an order of magnitude larger than the typical
white matter T1 at 3 T (Wansapura et al., 1999; Wright et al., 2008).
The SNR measured on the b0 images is expected to be minimally sensi-
tive to head motion relative to the diffusion metrics because of the lack
of diffusion sensitizing gradients.

This study has several general limitations; many of them were
already discussed in a recent multi-site morphometry study from the
same consortium (Jovicich et al., 2013). Specifically, each site scanned
different subjects (just five), only twice while using an unbalanced
distribution of MRI scanners (Siemens: 4, Philips: 4, GE: 2). The fact
that subjects were different across sites means that our experimental
design does not allow us to evaluate systematic differences across
sites, but only compare the random errors in the reproducibility vari-
ability across sites. Systematic differences across sites could arise due
to various reasons, including differences in the details of the acquisition
sequence implementations. For example, despite the fact of having
identical nominal acquisition parameters like voxel size and b-value,
there is no guarantee that the corresponding effective values will
be consistent across sites. Such parameters are known to affect themag-
nitude of the diffusion metrics (Jones and Cercignani, 2010; Oouchi
et al., 2007), but it has also been seen that they do not affect test–retest
reproducibility (Papinutto et al., 2013). We in fact measured significant
MRI site effects in b0 SNR and diffusion metrics. These differences are
most likely due to a combination of systematic and anatomical differ-
ences across sites. Despite these differences, theDTI-derivedmetrics ob-
tained from our acquisitions and analysis protocol were found to be
largely consistent acrossMRI sites and also in agreementwith previous-
ly reported 3 T DTI studies on healthy elderly subjects (Likitjaroen et al.,
2012; Mielke et al., 2009). The low sample size per site is an
important limitation, so we explored how this could affect the repro-
ducibility errors of the diffusion metrics. Two approaches were consid-
ered for increasing the population sample by pooling over different
aspects of the data: a test for vendor effects and a test for correlation
with b0 SNR. Both tests confirmed the main findings of reproducibility
consistency across sites. Another limitation of this study is that there
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Fig. 7. Test–retest reproducibility of diffusion metrics across sites and ROIs. Within-site group mean reproducibility error and standard deviation of body, splenium, genu of the corpus
callosum, superior lateral fasciculus, inferior lateral fasciculus, corticospinal tract (across subjects, sessions and hemispheres where possible). Test–retest-errors are shown on fractional
anisotropy (FA), mean, axial and radial diffusivity (MD, AD and RD, respectively). A significant site effect was evident only for MD in the superior lateral fasciculi (Kruskall–Wallis test,
p b 0.05). See Table 2 for MRI site characteristics.
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is a wide range in scan–rescan days (7–55 days) across sites. However,
two observations suggest that this range did not significantly bias our
findings: first, the intervals did not give significant site effects, and sec-
ondly they did not correlate with any of the reproducibility errors (FA,
MD, RD, AD). One additional limitation of this study is that the acquisi-
tion time for DTI data collection was limited (6–10 min) given that the
overall acquisition included several other images and that the “clinical”
condition to which the protocol is intended to be applied deals with
patients with a relatively low level of collaboration (i.e. early stages of
dementia). This constraint across all MRI sites made it difficult to use
Fig. 8. Summary of MRI site effects on diffusion index reproducibility. Within-site group mea
in fractional anisotropy (FA), mean, axial and radial diffusivity (MD, AD and RD, respectively).
p b 0.05). See Table 2 for MRI sites characterization.
acquisition protocols with multiple b-values which can model also
non-Gaussian diffusion properties of water. Such protocols are of inter-
est not only because of their potentially higher reproducibility (Correia
et al., 2009) but also because of their potential sensitivity to better char-
acterize white matter lesions by means of diffusional kurtosis imaging
metrics (Coutu et al., 2014; Fieremans et al., 2013). Finally, since this
is not a random effects study our results cannot be generalized to acqui-
sition protocols or populations other than those used and described
here. Extension of this work includes further investigating possible
sources of variability and ways to reduce them. One approach that
n reproducibility error and standard deviation (across subjects, structures and sessions)
A significant site effect was evident for radial and mean diffusivity (Kruskall–Wallis test,

image of Fig.�7
image of Fig.�8


Table 5
Mean test–retest reproducibility errors values averaging across ROIs and sites with com-
mon MRI system vendors (see Table 2 for sites' descriptions). The last row indicates for
each DTI-derived metric the Kruskal–Wallis results when testing for vendor effects.

Vendor group
(number of subjects)

Test–retest reproducibility errors (%) grouping sites
for each vendor

FA MD AD RD

Siemens (n = 20) 2.62 ± 0.91 2.77 ± 1.11 2.67 ± 0.94 4.19 ± 1.52
Philips (n = 20) 2.63 ± 0.75 2.24 ± 1.44 2.99 ± 1.51 3.48 ± 1.50
GE (n = 10) 2.81 ± 1.18 2.85 ± 1.09 2.00 ± 1.00 4.97 ± 1.31
Kruskal–Wallis test for
vendor effect

p = 0.88 p = 0.84 p = 0.20 p = 0.25
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may potentially reduce test–retest variability could be that of adapting
the TBSS analysis pipeline to use recently proposed methods that ac-
count for residual spatial variance from multiple time points (Engvig
et al., 2012) as well as using improved registration methods for TBSS
(de Groot et al., 2013). In addition, it has been recently shown that
adding water free modeling to the diffusion tensor improves the speci-
ficity in DTI derivedmetrics by reducing partial volume effects from the
CSF component, whichmight increasewith aging or neurodegeneration
(Pasternak et al., 2009, 2012). An intriguing possibility that needs to be
evaluated is whether water free modeling can lead to improvements in
the test–retest reliability, both within and across MRI sites.

To summarize, our study provides several estimations for the across-
session reproducibility errors of the various diffusionmetrics: i) per site
over white matter ROIs (n = 5 subjects/site); ii) per site grouping
across ROIs (n = 5 subjects/site), and iii) per vendor grouping across
ROIs (n = 20 subjects for Siemens and Philips, n = 10 subjects for
GE). Each of these results might help in designing future studies de-
pending on the specific vendors used, the specific brain areas of interest,
and particular target effect sizes. The multi-site anonymous diffusion
metric imaging data generated in this study (100 brain volumes for
each metric, FA, MD, axial (AD) and radial (RD) diffusivity) will be
made publicly available to promote the development and evaluation
of brain diffusion analysis tools (https://neugrid4you.eu/datasets).

Conclusions

Longitudinal multisite neuroimaging designs are typically used to
identify differential tissue property changes associated with normal de-
velopment, plasticity or disease progression/regression. The reliability
of neuroanatomical measurements over time and across MRI sites is
crucial for the statistical power of longitudinal studies. The main result
of this multi-site study with ten 3 T MRI sites is that the across-session
test–retest reproducibility/variability obtained with the protocol used
was comparable to that reported by other studies which used either a
lower number of MRI sites, hand-drawn ROI or longer acquisitions.
This suggests that the protocol is suitable for multi-center longitudinal
DTI studies. To the best of our knowledge this is the first study that con-
firms themulti-siteDTI study feasibility in a 3 T consortiumwith various
MRI vendors using vendor provided sequences for estimating across
session test–retest reliability on a population of healthy elderly subjects
in stable conditions. In addition, within the limitations of the sample
size and MRI sites tested, our study provides preliminary reference
values for absolute percent test–retest variability errors for a variety of
white matter structures and diffusion metrics. An additional result sug-
gested the importance of trying to keep theDTI acquisition time as short
andhomogeneous as possible across the consortium. This should help in
reducing acquisition-related biases that may introduce higher repro-
ducibility errors due to higher headmotion sensitivity in longer acquisi-
tions. Finally, the anonymous diffusion maps (FA, MD, RD, AD) will be
made publicly available so that they can be used to further evaluate
other diffusion analysis tools.
Supplementary data to this article can be found online at http://dx.
doi.org/10.1016/j.neuroimage.2014.06.075.
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Appendix A. Selection and exclusion criteria of study subjects

Selection criteria:
Participants will be (i) healthy volunteers (between 50 and 80 years

old) and/or (ii) subjects (between 50 and 80 years old), who will per-
form a 3 T-MRI for reasons such asmigraine, headache, auditory or visu-
al symptoms, paresthesias, and whose scan will be negative (see
exclusion criteria below).

Exclusion criteria:

– Based on the medical history:

• Ischaemic lesions already detected in a previous scan
• Head injury with loss of consciousness N 24 h
• Current substance abuse
• Current therapy with steroids or current chemotherapy
• Loss of weight N 5 kg in the last 6 months
• Systemic disease with frequent involvement of the CNS (lupus,
HIV, rheumatoid arthritis)

• CNS disease diagnosed by a specialist or in treatment (such as ep-
ilepsy, ictus).

– Based on the MRI scan:

• Cerebral metastasis or CNS primary tumor still benign (except for
pituitary microadenoma)

• Suspected multiple sclerosis + MRI evidence of white matter
lesions

• Suspected recent stroke + MRI evidence of infarct
• Aneurysm N 10 mm and arteriovenous malformations (except for
venous angioma)

• Dysgenesia of central nervous system.

Themethod (ii) of enrolment has been used to enroll a large group of
cognitively intact persons in the Italian Brain Normative Archive of
structural MR scans (the IBNA study) aimed to build an Italian archive
of high resolutionMR images of normal subjects to be used asnormative
references for patients with suspected neurodegenerative disorders
(Galluzzi et al., 2009).
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